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Table 5: Regression model. Tx & variable: d L ok bles: toral food parchared, food
consumed, nonfocd purchased.
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Table &: Hegreszion model. Dependers warisble: expenditures. Independent warisoles: food parclased, food conramed. food
monparckased.

Estirmond o G
Coefilciems
Coretant ~LEE. PO TS ATHIE
faed purchased 1.0F34 LiD5EAE
food consumed 10162 LN
facd nonpurchased 11082 o, 35 B0E
" [k DLa02F

Tables 2 — & summarize the rezults of simulation for a variety of estimands, Inferences are
made vsing the methods presented in Section 2.2, For simple estimands (table 2) the averages
of synthetic point estinates are close to their corresponding (. The average of parameter &Y for
each regression models for synthetc data sets (tables 3-6) are greater 0900 which indicates that
these models are worth considering,. In addition, the averages of regression coefficients are close
o original values. So, the analyst will make the same inferences as in the case of actual data

In case for disclosure risk of each sensitive variable 1'}] fi=i, 2..... d}, we assume that the

analyst wouold estimate rﬂ value of ‘s unit by averaging the replaced values
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! R shows how much the independent vatishbles explain the dependent variahbles



